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Abstract

Purpose:  While much scholarship evaluates learning effectiveness within
conventional training environments, limited attention has been given to how Al-
centered learning ecosystems reshape learner agency and outcomes. This study
reconceptualizes the connection between Al-driven learning systems and employee
behavioral consequences. Rather than assuming direct positive outcomes, this
research critically examines whether Al-learning intention genuinely translates
into meaningful behavioral transformation. Drawing from the Theory of Planned
Behavior (TPB) and Self-Determination Theory (SDT), the study reassesses the
relationships among learning intention, engagement processes, and behavioral
outcomes.

Design/Methodology/Approach: Using survey data collected from Indian industry
professionals, the study applies structural equation modeling (SPSS-AMOS 27)
and Hayes PROCESS macro to test direct and indirect relationships between Al
learning intention, engagement patterns, and behavioral outcomes.

Findings: Results indicate that although Al learning intention factors (attitude,
subjective norm, perceived behavioral control) show statistical associations with
behavioral outcomes, the magnitude of actual behavioral transformation depends
heavily on the depth and quality of engagement. Engagement does not merely
mediate but conditions the extent to which Al intention results in observable
workplace change.

Originality/Value: This study challenges overly optimistic assumptions regarding
Al-based learning systems and emphasizes the conditional nature of behavioral
outcomes in technology- driven learning environments.

Keywords: Artificial Intelligence, Learning Intention, Engagement, Behavioral
Outcomes, Technology Adoption

Introduction

Digital transformation has altered organizational learning
landscapes. Al-powered tools such as conversational agents and
adaptive systems promise efficiency and personalization. However,
technological sophistication does not automatically translate into
meaningful learning impact.

Organizations have rapidly incorporated Al across HRM
functions—recruitment, digital performance monitoring, compliance,
and training systems. Despite this integration, the effectiveness
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of Al-based learning remains contested. The assumption that adoption equals transformation is
problematic.

Learning effectiveness traditionally follows the Kirkpatrick model, where behavioral change
represents the most meaningful outcome. Yet, Al-driven learning environments may alter not only
learning methods but also learner motivation structures. Therefore, understanding intention and
engagement in Al contexts becomes crucial.

While the Theory of Planned Behavior explains how attitude, subjective norm, and perceived
control shape intention, intention alone may not predict behavioral execution in Al-mediated
environments. Self-Determination Theory suggests that autonomy, competence, and relatedness
determine meaningful engagement. Thus, behavioral change may depend less on intention and
more on sustained engagement quality.

This study therefore shifts focus from technological capability to psychological and behavioral
processes underlying Al-based learning adoption.

Theoretical Framework
Reinterpreting the ABC Model

The Antecedent—Behavior—Consequence (ABC) framework positions intention as an antecedent,
engagement as behavioral process, and performance outcomes as consequences. However, in Al-
based learning systems, antecedents may be externally influenced by organizational pressure rather
than intrinsic motivation.

Thus, intention may reflect compliance rather than commitment. Engagement quality becomes
the true determinant of meaningful behavioral consequences.

Artificial Intelligence in Learning and Development

Al systems promise personalization, automation, and efficiency. They provide adaptive content,
analytics, chat-based support, and predictive learning recommendations.

However, personalization algorithms do not guarantee deep learning. Over-automation may reduce
cognitive effort. Efficiency gains may compromise reflective processing. Therefore, the impact of Al
depends on how learners interact with these systems rather than on system capability alone.

Al-Based Learning Intention

Al learning intention refers to an individual’s willingness to adopt Al tools for learning purposes.
According to TPB, intention derives from:
» Attitude toward Al
*  Subjective norms
»  Perceived behavioral control

However, positive attitudes toward technology do not necessarily translate into meaningful
learning behaviors. Social pressure may inflate expressed intention without increasing learning
depth. Similarly, perceived ease of use may reduce cognitive engagement rather than enhance it.
Thus, Al learning intention may predict adoption, but not necessarily learning quality.

Learning Engagement

Engagement reflects how learners regulate, manage, and sustain interaction with Al-based
systems. Engagement is multidimensional-—cognitive, emotional, and behavioral.

Unlike intention, engagement represents active participation. Learners who self-regulate and
actively interpret Al-generated content are more likely to achieve behavioral impact. Conversely,
passive reliance on Al recommendations may weaken skill development.
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Behavioral Change

Behavioral change represents observable application of acquired knowledge in workplace
contexts. It reflects transfer of learning rather than system usage.

In Al-driven environments, behavioral change should be interpreted cautiously. Adoption
metrics do not equal performance improvement. Only applied competence validates learning
impact.

Hypotheses Reformulated

* HI: Al learning intention predicts behavioral outcomes, but the strength of this relationship is
moderate rather than strong.

» Hla: Positive attitude toward Al influences behavioral outcomes, though the effect may depend
on depth of system interaction.

* Hlb: Subjective norm influences Al adoption behavior more than actual behavioral
transformation.

* Hlc: Perceived behavioral control influences system usage frequency but does not
independently guarantee behavioral impact.

* H2: Learning engagement is a stronger predictor of behavioral change than Al learning
intention alone.

* H3: Learning engagement conditionally mediates the relationship between Al learning
intention and behavioral change.

Methodology

A survey-based quantitative design was adopted. Data were collected from professionals in
pharmaceutical, IT, banking, consulting, education, and engineering sectors in India.

Out of 500 distributed questionnaires, 276 usable responses were analyzed. The sample
exceeded minimum SEM requirements.
Validated measurement scales assessed:
» Attitude
*  Subjective norm
»  Perceived behavioral control
* Al learning intention
* Learning engagement
*  Behavioral impact

Reliability and validity were confirmed through factor loadings, Cronbach’s alpha, composite
reliability, and AVE analysis.

Structural Equation Modeling (AMOS 27) assessed direct paths. Mediation was tested using
Hayes PROCESS macro with bootstrapped confidence intervals.

Results and Discussion

The analysis demonstrates that Al learning intention shows a statistically significant but
moderate association with behavioral change.

Attitude, subjective norm, and perceived behavioral control all exhibit positive relationships
with behavioral outcomes. However, engagement exerts the strongest predictive influence.

Learning engagement significantly predicts behavioral change, suggesting that system
interaction quality matters more than initial intention.

Mediation analysis confirms that engagement partially mediates the relationship between Al
learning intention and behavioral outcomes. Behavioral change occurs primarily when learners
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actively engage rather than merely intend to use Al. These findings suggest that Al systems function
as enabling infrastructure rather than direct catalysts of transformation.

Managerial Implications

Al adoption should not be equated with learning effectiveness.

Organizations must prioritize engagement design over technological sophistication.
Social influence strategies may increase adoption rates but not learning transfer.
Empowering learners through autonomy-supportive systems enhances engagement depth.
Behavioral metrics should focus on applied competence rather than usage statistics.

NS

Limitations and Future Directions

1. The study focuses only on behavioral outcomes; future research should examine reaction,
learning, and organizational results.

2. Engagement was treated as a single mediator; other variables such as learning climate or
communication strategy could be explored.

3. Future research may integrate Technology Acceptance Model (TAM) constructs.

4. Mixed-method approaches may provide deeper insights into learner experiences.

Conclusion

Al-based learning systems alone do not ensure behavioral transformation. While intention
influences adoption, engagement determines impact.

Meaningful behavioral change arises when learners actively regulate their Al-
supported learning processes. Therefore, organizations should shift attention from technological
implementation to engagement optimization.

Alis not inherently transformative—it becomes transformative only when learners meaningfully
interact with it.
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